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Abstract: The article discusses the issues of development and analysis of diagnostic procedures for business processes 

during enterprise management. The digitalization has become a priority at the state level of every country, influencing 

the daily lives of citizens and the enterprises activity. As a result, the ability to gather, analyze, process, and use the data 

has taken center place to support effective decision-making and sustain competitive market positions. The article 

considers the factors influencing the choice of data processing tools, analyses the difficulties faced during the data 

processing methods implementation, and outlines the essential features of such systems for effective management of 

enterprise activity. The main attention was paid to the development of a data processing method during the state 

diagnosis of business processes in case of assessing their compliance. The method involves calculating the probability 

density function for the costs of restoring the normal functioning of business processes and statistical characteristics of 

the probability of correct decision-making. Additionally, the article includes numerical examples demonstrating the use 

of this method to the business processes of an aviation enterprise engaged in providing and performing technological 

procedures for the operation of aircraft. The proposed data processing model can be used to analyze the efficiency of 

enterprises’ business processes and make decisions on organizational structure optimization to minimize the costs spent 

by enterprise. 
 

Index Terms: Data Processing, Enterprise Management, Innovativeness, Business Processes, Efficiency 

 

 

1.  Introduction 

Effective management of an enterprise and its business processes, making a profit, ensuring and maintaining the 

achieved level of development stability is now considered impossible without information systems of data processing, 

which make it possible to ensure operational interaction between different departments and business processes of an 

enterprise [1, 2]. The main condition for the successful management of complex processes that take place inside the 

enterprise is the integration of innovative technologies and management processes, which in turn ensures the creation of 

innovative models of the entire set of business processes of the enterprise and their organic interaction with innovative 

technologies for data processing. 

Innovative technologies and processes, development and implementation of innovative products allow the 

company to take a leading position in the market. This will provide the product with a high degree of scientific content 

and novelty, which makes it competitive in the global market [3, 4]. 
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The use of digital technologies allows an enterprise to maintain centralized control at all stages of the life cycle of 

a manufactured product (or service) [5]. This applies, in particular, to the following components: digital design and 

modeling [6], digital manufacturing [7], digital supply chain [8], logistics [9], and digital adaptation for the consumer 

after delivery [10]. Under such conditions, the issues of building a single integrated system of data processing to ensure 

effective management of each business process of the enterprise become especially relevant. 

Enterprises that constantly use innovative technologies and are actively engaged in innovative activities have great 

advantages in the market compared to competitors. This is manifested in increasing the efficiency of activities, and it 

helps to withstand all the challenges of the external environment faced by the business object [11]. 

The development of innovative technologies has led to a broad consideration of the use of data processing 

technologies [12, 13]. It is worth noting that the focus of scientific research is both general and detailed. The first of 

them provides a general description of information systems and data processing systems [14]. A detailed description of 

the operation of data processing technologies, both for a particular software product and for economic sectors as a 

whole, is defined in paper [15]. The study of the possibility of using innovative data processing technologies for 

ensuring the efficiency of enterprise management is studied in research [16]. 

Paper [17] discusses the current state of accounting information. The authors stated that the development of the 

system at enterprises should be characterized by the transition to a new qualification level, determined by the impact of 

scientific and technological progress on the specifics of information technology. Data collection and use are further 

supported by business process automation, which eases the daily workload of accounting management [18]. 

The main purpose of automating an enterprise’s business processes is to interact with suppliers. This process 

generates data about them and prices for their goods and services, as well as creates a reporting system for receiving 

invoices for services, automates the process of concluding contracts and optimizing the overall circulation of 

contractual documents, and creates a single electronic data repository [19, 20]. At the same time, there are several issues 

related to the use of innovative technologies. For example, the emergence of new approaches to data-driven 

management (DDM) [21] or the use of cloud services [22] in the management of business processes of an enterprise 

remains not fully studied. Taking into account the rapid growth in the use of innovative technologies for data processing 

in practice by Ukrainian enterprises, this issue is of particular practical importance and requires additional research. 

The use of innovative technologies for data processing in a modern enterprise can be used to solve the following 

problems: monitoring the diagnostic parameters of the equipment or production process [23, 24], calculation and 

evaluation of the efficiency [25, 26], assessment of the level of equipment reliability [27, 28], detection of processes of 

deterioration in the efficiency of equipment operation or production processes [29, 30], forecasting [31, 32], cost 

management [33, 34], optimization of the spare parts stocks [35], improvement of the accuracy of equipment 

functioning [36, 37], improvement of the enterprise’s production processes [38] development and analysis of 

maintenance and repair processes [39, 40], development of decision-making technologies regarding implementation of 

preventive and corrective actions [41, 42]. 

The purpose of the study is to investigate the possibilities of using modern advanced technologies for data 

processing in enterprise management and the peculiarities of their implementation in practice. The research methods 

used are the methods of general scientific cognition, along with synthesis and analysis, methods of probability theory 

and mathematical statistics, theory of reliability and mass service, the method of separating the essential from the 

general, and the method of critical analysis of literature sources, which made it possible to obtain new scientific results. 

To achieve the mentioned purpose, the following specific tasks are considered in this article: 

 

1. Summarizing the challenges of modern data processing technologies and their role in decision-making for the 

enterprise. 

2. Analysis of factors influencing the choice of data processing tools, the difficulties faced during the data 

processing methods implementation, and features of these methods for effective management of enterprise activity. 

3. Development of the method of data processing during the state diagnosis of business processes in case of 

assessing their efficiency and to provide innovativeness for the business processes of the enterprise. 

4. Presentation of numerical calculations for the developed method. 

 

This paper consists of five sections. Section 2 presents the methodological approach to the use of innovative 

technology for data processing in enterprise management. Section 3 contains the description of the method for 

efficiency analysis of business process diagnostics. Section 4 considers a numerical example, illustrating an application 

of the proposed method. Section 5 is the conclusion, where research results are discussed. 

2.  Material and Methods 

A part of the enterprise management system is the subsystem of making management decisions. This subsystem is 

based on the possession of certain knowledge, i.e. information resources [43]. An important characteristic of these 

resources is completeness, accuracy, reliability, and timeliness, which makes this information valuable at the time of 

management decision-making. If we want that information will meet the above criteria and be useful in the management 

process, it is necessary to use modern innovative systems for collecting and processing large amounts of information 
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and information flows coming to the enterprise from various sources [44]. Thus, an integral element of the enterprise 

information system is information that is presented in a specific context and acquires the concept of “data”. 

Information flows coming to an enterprise or created directly in its environment form an information system that 

combines a controlling and a managed system in a single circuit, and the use of modern innovative technologies for 

processing information flows, transforming them into an understandable and arranged array of data contributes to the 

rapid achievement of the goals and objectives of the enterprise’s development.  

Let us consider the constituent elements of an enterprise information system [45]: 

 

– analytical – data processing to obtain management information; 

– accounting – recording data for analysis; 

– organizational – combines management functions and subordination structure. 

 

The efficiency of an information system is ensured by: technical means, methods, models, pre-designed algorithms 

for processing information (data), programs and documentation for interaction with technical means, legal norms for the 

operation of information systems, and others [46]. Data analysis, which is carried out with the help of special algorithms, 

presents the management with a procedure for action and decision alternatives, depending on the situation being 

analyzed [47]. 

Implementation of modern systems of data processing is a top priority for every enterprise today, as it involves 

systematizing a large amount of information in a unified manner, based on the same source and regulatory and reference 

data for different tasks. This means that all data processing procedures are viewed as interdependent elements of an 

inseparable management process. Therefore, we can talk about the digital maturity of the enterprise. Digital maturity is 

the ability and capacity of an enterprise to use modern digital technologies, process big data to make management 

decisions based on predictive analytics, and transition from traditional business models to new ones by deeply 

restructuring its business processes. 

Data processing systems help to  

 

– analyze all actual and planned documents;  

– track the movement of working capital;  

– control the expenditure of resources on various business processes; 

– compare data with results. 

 

Therefore, data management requires mastery of the skills of managing the collection, storage, and processing of 

data [48]. The main trends in modern data processing are innovative technologies used to increase the efficiency of 

information management, optimize business processes, and improve decision-making.  

The main task of innovative data processing technologies is to receive data from the information system, process it, 

and present it to the management for analysis and making informed management decisions. Completing this task 

ensures the management process at all levels, facilitates cooperation with business partners and customers of the 

enterprise, reduces time and labor costs for some processes related to loss calculations, helps optimize the stock of 

goods in warehouses to create optimal inventory pairs, reduces the loss of personnel’s time to perform certain 

operations and provides the management system with real objective calculation data [49]. 

 

 

Fig. 1. The place of innovative technologies for data processing in the enterprise management system 
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Let us consider the place of innovative technologies for data processing in the enterprise management system (Fig. 

1). Thus, the information system covers all structural elements involved in managing the enterprise’s information flows, 

which are actively influenced by the data processing technologies used by the enterprise, and based on which 

management decisions are made. The algorithm for implementing a data processing system at an enterprise consists of 

the following units.  

Unit 1 is the determination of needs and goals. This determination involves analyzing the enterprise’s needs for 

data of a predetermined volume and presented in a certain way; identifying the departments where data processing can 

bring the maximum effect and those departments that do not require the use of complex data processing systems; 

identifying data that are critical for making management decisions. The whole process involves defining the specific 

results that the company wants to achieve with the use of data processing systems (improved sales forecasting, 

inventory optimization, increased efficiency of operations, and others). 

Unit 2 is data collection and preparation. It involves the identification of all data sources: internal (CRM, ERP, 

accounting systems) and external (market research, social networks). Data collection should provide access to data from 

various sources by using ETL processes (Extract, Transform, Load) to load data into the warehouse, as well as cleaning 

and preparing data, which includes removing duplicates, filling in missing values, and standardizing the data format. 

The efficiency of the entire management process will depend on the quality of the data collected at this stage. 

Unit 3 is a selection of data processing system. Based on the analysis of the market environment, the capabilities of 

available platforms and tools for data processing are assessed, with special attention paid to cloud solutions, local 

solutions, and open-source solutions. Further, based on the defined parameters of system compliance, such as 

functionality, scalability, safety, and cost, the one option that meets the needs and goals of the enterprise is selected. 

Unit 4 is the implementation of the system. It involves such stages as: 

 

– implementation planning with the development of a detailed implementation plan, including a schedule and 

responsible persons;  

– integration with existing systems (CRM, ERP);  

– customization of the system to meet the specific needs of the enterprise (access rights, access levels, dashboards 

and reports); 

– testing of the system to identify errors and confirm its efficiency using test scenarios that simulate real-world 

conditions. 

 

Unit 5 is a staff training. This unit includes the development of a training plan for different user groups (analysts, 

managers, technical staff) with the distribution of training materials, training and seminars, and actual training. 

Unit 6 is a system operation. This unit combines two components:  

 

– monitoring and management. When monitoring system performance, it is worth using reports and dashboards to 

analyze key performance indicators (KPIs); 

– implementation of software updates to maintain relevance and cyber security and the provision of technical 

support to resolve emerging issues. 

 

Unit 7 is analysis and optimization. The analysis has a goal of a comparison of actual results with planned 

indicators. Process optimization includes identifying areas for improvement and optimization of data processing. 

Unit 8 is security and compliance. It involves the implementation of security measures to protect data from 

unauthorized access and cyberattacks through encryption, multi-factor authentication, and security monitoring.  

Unit 9 is scaling and development. This unit includes analyzing the scaling needs in response to business growth or 

changing requirements and drawing up a plan to increase the amount of data processed or add new functionality, which 

will ultimately ensure the development of the system. System development, in turn, requires investment in new 

technologies and tools to improve data processing. It is worth noting that the system needs to be constantly improved to 

ensure its relevance and meet the established needs. 

The presented algorithm provides a consistent approach to the implementation and use of data processing systems 

at an enterprise, which will help to maximize the use of data to make informed management decisions and optimize 

business processes. The algorithm described above is shown in Fig. 2. 

Taking into account the global digitalization of society and the development of information and computer 

technologies, information systems, including data processing systems, are currently developing in the direction of 

integrated automation [50]. This makes it possible to carry out an in-depth analysis of the external environment, 

describe the priorities of product consumers, develop enterprise plans and consider the possibility of restructuring its 

business processes, and maintain equipment promptly. The result can transfer the enterprise from management as 

needed to management on demand in the streaming mode (streaming). Streaming, which is the result of the digital 

interaction of process participants on demand, ensures the synchronization of supply and demand in the market space. 

It should be noted that modern enterprises that widely use digital data processing technologies in their activities 

use the concept of DDM, which is based on digital platforms using Big Data (BD) technology. A feature of BD 

technology is the speed of processing large amounts of data due to the parallel execution of a large number of 

calculations, analysis of large volumes of incoming information flows, ensuring the reliability of the data obtained, and 
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others [51]. 

One of the current trends among Ukrainian enterprises is the use of cloud services, which in turn makes it possible 

to free up resources and reduce the cost of information protection. Cloud Computing involves the use of software 

resources of a server located in a company that provides such services [52]. Implementation of the relevant information 

systems requires the purchase of CPU time, disk space, and a network of the required bandwidth, which in turn makes it 

possible to reduce costs and free up a significant part of resources to ensure the efficient operation of the main business 

processes of the enterprise. In general, today a large number of information systems offer their solutions for enterprise 

management using cloud technologies. 

 

 

Fig. 2. The place of innovative technologies for data processing in the enterprise management system 
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It should be noted that the selection of innovative technologies to be used by an enterprise is a responsible task, as 

they are usually installed for a long time and must be cost-effective and fully meet the needs of the enterprise. When 

choosing innovative technologies for data processing, an enterprise needs to: 

 

 assess the enterprise’s readiness to implement this system;  

 determine the cost of the purchase and its subsequent maintenance and operation, as well as the possibility of 

its modernization;  

 analyze the functionality of this information system; 

 to calculate the cost-effectiveness and feasibility of its implementation, it may be worth considering alternative 

options; 

 determine the level of reliability and data security of the selected information system and others. 

 

At the same time, along with the desire to introduce innovative technologies for data processing and use their 

results in management, enterprises face several difficulties that need to be overcome, among which are worth 

highlighting: 

 

 inability to use the software; 

 inability to interpret the results to make effective decisions; 

 inability to be combined with information processing systems available at the enterprise; 

 resistance to learning how to use the software. 

3.  Theory and Calculation 

Let’s consider the theoretical foundations regarding the peculiarities of applying innovative technologies for data 

processing in the activities of an enterprise. Typically, data processing tasks include two components: synthesis and 

analysis [54]. Synthesis is performed based on available a priori information about the characteristics of the processed 

datasets. In the case of a priori certainty, optimal decision rules can be built that can be used to solve problems of 

classification, estimation, forecasting, and others [55]. In cases of a priori uncertainty, the distribution-free methods are 

used. Such methods have less accuracy but can be used for arbitrary data distribution. The technologies of distribution-

free methods include not only the nonparametric approach of statistical theory but also the modern tools of neural 

networks [56]. The analysis is performed to determine the efficiency of the developed data processing method. Analysis 

tasks can be solved using analytical calculations and statistical modeling [57]. 

As mentioned earlier, data processing can be applied to different activities and different processes of an enterprise. 

In general, considering a comprehensive approach to processing is a sophisticated and multi-criteria task. To simplify it, 

this section will consider the theoretical features of applying data processing methods to the process of diagnostics and 

restoration of operability. Diagnostics and restoration of operability are integral elements of the technical systems repair 

process. Diagnostic methods are widely considered in the theory of reliability but insufficient attention has been paid to 

the comparative analysis of its various variants.  

In the process of diagnostics and restoration of operability, attention is usually paid to performance indicators in 

the form of the expected duration and cost of diagnosis. However, this approach is rather limited in terms of information 

completeness. Since the duration and cost are usually random variables, it is necessary to use the probability density 

function (PDF) to characterize them most completely. In this case, the probability density function will contain 

information not only about the expected value, but also about the variance, standard deviation, skewness, and kurtosis. 

In addition, in the process of diagnostics and restoration of operability, erroneous decisions are possible, caused by 

both the available control and measuring equipment and the human factor. These errors are characterized by the 

probabilities of the first and second type errors. The first type of error occurs when a serviceable object is diagnosed as 

faulty. The second type of error occurs when a faulty object is diagnosed as being in good condition. 

The presence of errors in diagnosis motivated us to focus on a new performance indicator in the form of the 

probability of correct decision-making (CDM). This probability is also a random variable distributed in the interval 

from 0 to 1. Therefore, to describe it completely, it is necessary to find the corresponding PDF. 

The diagnostic process can be applied not only to equipment but also to production processes. In the course of an 

enterprise’s activities, it is usually tried to build a model of business processes that are implemented in the enterprise. 

The efficiency of the enterprise depends on the quality of the main business processes. Therefore, this study was the 

first to apply the concepts of diagnostics to determine the state of the enterprise’s business processes. 

The diagnostics process is performed in case of low efficiency of the enterprise’s activities to adjust and optimize 

business processes. According to the process and system approaches, each business process can be evaluated by 

monitoring certain diagnostic parameters and comparing them with the set values. 

Let’s assume that if a business process meets all the requirements for its operation, a logical one signal is generated 

at its output. Otherwise, a logical zero signal is generated at the output of the business process. Let’s introduce a 

restriction on the presence in the scheme of only one business process with inconsistencies (or low efficiency). 

During the synthesis of the data processing algorithm, the following restrictions were adopted: 
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1. A model of business processes interconnection is known. 

2. During observation period only one component of business processes can have low efficiency. 

3. The monitoring equipment can give erroneous decisions with known probabilities. 

4. The process of inconsistencies occurrence is stochastic and can be described by predetermined probabilistic law. 

5. The statistical report on inconsistencies occurrence in different components of business process is available for 

data collecting. 

6. Duration and cost of the inspection procedures can be described by normal probability density function with 

known expected value and standard deviation. 

7. In case of low efficiency, additional costs are spent during implementation of corresponding business process. 

 

Let’s consider a step-by-step procedure for calculating the efficiency of diagnosing and restoring the required level 

of efficiency of business processes.  

Step 1. Analyze the enterprise’s business model and build the model of business process interconnection. While 

doing so, it is necessary to identify all business processes and define their inputs, outputs, controlling influences, and 

resources. For each process, it is necessary to establish measurement values that will characterize its performance. 

Step 2. Building a diagnostic model. The diagnostic model may not be a repetition of the business process model. 

Some business processes can be grouped in such a way as to get rid of feedback and simplify the connection scheme of 

elements as much as possible. 

Step 3. Building a diagnostic program. The diagnostic program establishes a chain of checks to identify the 

business process that does not meet the requirements. Building a diagnostic program can be based on one of the well-

known approaches, including engineering, half-split, information parameter, probability-time, and others. In the event 

of errors of the first and second types, additional programs for restoring the efficiency of the enterprise supplement the 

diagnostic program. These programs establish a procedure for action in cases of erroneous decisions. The number of 

such programs is equal to the number of elements in the diagnostic model. 

Step 4. Accumulation and analysis of primary datasets. Primary datasets include the following information: 

 

 statistical data on inconsistencies for each business process of the model; 

 probabilities of the first and second type errors for diagnosing each process i  and i , respectively, where 

];1[ Ni  , N  is the number of elements of the diagnostic model; 

 the duration and cost of the inspection procedures for each business process; 

 the duration and cost of restoring the efficiency of the enterprise. 

 

Based on the collected datasets, preliminary processing is performed. The result of the preprocessing is: 

 

 the probability of inconsistencies in each business process iq ; 

 estimates of the PDFs for the duration and cost of the inspection procedures for each business process; 

 estimates of the PDFs for the duration and cost of restoring the efficiency of the enterprise for each business 

process in the event of erroneous decisions. 

 

Step 5. Calculation of the conditional probability matrix of decision-making on the presence of the inconsistencies 

in the business process under study provided that there is an objective presence of the inconsistencies in the given 

business process. This matrix is calculated based on the graphical view of the diagnostic program. The matrix has a 

square shape and dimensions equal to the total number of elements of the diagnostic model. The elements of the main 

diagonal of the matrix contain the probabilities of correct decisions. In general, under the conditions consti  and 

consti  the elements of the main diagonal of the matrix are equal: 

 
nm

iip )1()1(,  ,                                                                        (1) 

 

where m  is the number of correct decisions on the state of business processes without inconsistencies during an 

objective inconsistency in the i-th business process; n  is the number of correct decisions on the state of business 

processes with inconsistencies during an objective discrepancy in the i-th business process. 

Other elements of the matrix when ji   are determined by the formula: 

 
vunm

jip  )1()1(, ,                                                                    (2) 

 

where u  and v  are the number of erroneous decisions about the state of business processes without and with 

inconsistencies during an objective inconsistency in the i-th business process. 
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Step 6. Building a probability mass function and finding statistical characteristics for the conditional probabilities 

of making the correct decisions. Based on the data on the values 
iip ,
 and iq  the probability mass function is built.  

Next, the expected value and standard deviation are estimated. In this case, the unconditional probability of correct 

decision-making )CDM(p  during the business process inspection: 

 





N

i

iqipp
1

)CDM()CDM( ,                                                                    (3) 

 

where )CDM( ip  is the conditional probability of correct decision-making in case of the inconsistencies in the i-th 

business process. In this case, we have iipip ,)CDM(  . 

Step 7. Building a matrix F  of the conditional PDFs for the duration and cost of restoring the efficiency of the 

enterprise. These matrices have a square shape and dimensions equal to the total number of elements of the diagnostic 

model.  

Each element of the matrix contains the conditional PDF of the duration and cost of restoration procedures in the 

event of a decision on an inconsistency in the j-th business process and in the event of an objective inconsistency in the 

i-th business process. 

Step 8. Calculation of the PDF for the cost and duration of diagnostics and restoration of the enterprise’s efficiency.  

The formula for the PDF of costs is: 

 

 





N

j

j
TjT

i PFqCf
1

)( ,                                                                   (4) 

 

where T  is the matrix transpose operation; 
 j

 is the operation of selecting j-th column from the matrix. 

Similarly to equation (4), the formula for the PDF of the duration of diagnosis and recovery can be written. 

For the specific implementation of the proposed data processing methods in the activities of the enterprise, it is 

necessary to: 

 

1. Analyze the existing model of the enterprise’s business processes. 

2. Determine key monitoring data (costs of performing technological operations, duration of these operations, 

errors of measuring equipment, and others). 

3. Establish the relationship between the efficiency indicator and monitoring data. 

4. Implement the data processing algorithm. 

5. Make decisions on optimizing the organizational structure, implementing corrective and preventive actions 

aimed at improving the efficiency. 

 

Data processing can allow aviation enterprises to improve the efficiency of performing business processes related 

to optimizing aircraft routes, improving maintenance processes, reducing costs, training personnel, etc. 

The introduction of data processing methods into the business processes of the enterprise contributes to the 

efficiency of management decision-making. In general, for the widespread use of data processing methods, it is 

necessary to:  

 

 organize a system of data collection and storage through the use of CRM systems, Internet of Things sensors, 

built-in monitoring tools for operating equipment;  

 synthesize data processing procedures based on mathematical statistics, machine learning, artificial intelligence, 

and other technologies;  

 develop and implement tools for automating the execution of individual procedures during the implementation 

of business processes, including during data processing;  

 develop a system for forming decisions to improve the efficiency of the enterprise’s activities based on the use 

of processed data;  

 organize a system for protecting data and the results of their processing from third-party interference;  

 inform staff and consumers about the advantages of using a data-driven decision-making approach and 

constantly search for improvements. 

4.  Numerical Example and Discussion  

In this section, we will consider an example of implementing data processing methods in the activities of an 

aviation enterprise. Before moving on to the numerical example, we will analyze the main challenges that aviation 

enterprises face when implementing data processing technologies. 
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Today, the aviation industry is saturated with thousands of sensors that generate large amounts of data in various 

areas of enterprise activity. This data may include trends of changes in equipment parameters, resource provision for the 

maintenance and repair system, aircraft flight trajectory data, customer behavior analysis, environmental parameters, 

and others. In addition, data comes from various locally dispersed points, which complicates the formation of common 

datasets and their subsequent storage in data warehouses. 

During the operation of aviation equipment, there is also a problem of integrating data collection and processing 

technologies with equipment that involves manual monitoring and inspections. Therefore, there is a need to update the 

equipment fleet, which in turn will require significant material costs. 

At the same time, the main unresolved tasks of aviation enterprises remain the detection of equipment with a 

deteriorated technical condition and minimizing operating costs for maintenance and repair. This is due, on the one 

hand, to the need to ensure the safety and regularity of aircraft flights, and on the other hand, to the need for an aviation 

enterprise to make a profit. 

Thus, let’s build a model of the business processes of an aviation enterprise engaged in providing and performing 

technological procedures for the operation of aircraft.  

For simplicity, we will outline eight main business processes: 

 

1. The process of logistics support. 

2. The process of forming a stock of spare parts. 

3. The process of accepting requests for maintenance and repair. 

4. The process of analyzing resource provision and requirements of regulatory and administrative documentation. 

5. The process of personnel training.  

6. Maintenance and repair process. 

7. The process of collecting and processing information.  

8. Decision-making and performance evaluation. 

A flowchart of the processes’ interconnection is shown in Fig. 3.  

 

 

Fig. 3. The flowchart of the processes’ interconnection 

To identify business processes that have a negative impact on the enterprise's efficiency, we will develop a 

diagnostic model. In our case, the diagnostic model will coincide with the scheme of the interconnection of business 

processes (Fig. 3). To find a business process with inconsistencies, we will build a diagnostic program that determines 

the procedure for performing control and verification operations. 

Fig. 4 shows a diagnostic program built using the half-split method. In this case, the second process divides the 

diagram of the business process relationship approximately in half. Fig. 4 establishes a chain of checks to determine the 

number of business processes with inconsistency. Therefore, to determine that the first business process does not meet 

the requirements, we need to check the second and first processes. 

For simplicity, let’s assume that errors of the first and second types are characterized by the same probabilities for 

all business processes and are equal to   and  , respectively. In addition, we will assume that probabilistic laws 

describe the nature of inconsistencies. That is, there are probabilities iq  of an inconsistency occurring in the i-th 

business process in the case of low efficiency of the aviation company. 

We will analyze the efficiency of the diagnostic program. To do this, we calculate the probability of correct 

decisions )CDM(p  when checking business processes. The total probability will be calculated using the formula (3). 

Conditional probabilities for the diagnostic program in Fig. 4 are determined according to the formulas: 

 
2)1()1CDM( ip ;                                                                         (5) 

 
2)1)(1()2CDM( ip ;                                                                   (6) 

 

)1()1()3CDM( 2 ip ;                                                                   (7) 

1

3

2

5

4

6 7 8



Formation of Innovativeness for the Business Processes of Enterprise Using Data Processing 

88                                                                                                                                                                       Volume 17 (2025), Issue 2 

22 )1()1()4CDM( ip ;                                                                  (8) 

 
32 )1()1()5CDM( ip ;                                                                  (9) 

 
4)1)(1()6CDM( ip ;                                                                 (10) 

 
2)1)(1()7CDM( ip ;                                                                 (11) 

 
3)1()8CDM( ip .                                                                      (12) 

 

Equations (5) – (12) were obtained as follows. The probability of correct decisions is equal to the product of 

probabilities of errors absence during each inspection in the process of diagnostics. The probabilities of errors absence 

are complimentary to the probabilities of errors of the first and second types. Therefore, they are equal to 1  and 

1 . Sign “0” in Fig. 4 corresponds to the absence of the second type error. Sign “1” in Fig. 4 corresponds to the 

absence of the first type error. For example, to make correct decision on inconsistencies occurrence for the first business 

process we need to inspect the first and second business processes without errors of the second type. Therefore, the 

probability of correct decision will be equal to squared probability of the second type errors absence, and we will 

equation (5). Similar considerations can be made to prove correctness of equations (6) – (12). 

The conditional probabilities and the probabilities of inconsistencies form probability mass function. Such a 

function can be evaluated using point characteristics of expected value and variance. In this case, physically, the 

expected value will coincide with the probability of correct decisions )CDM(p . 

A graphical illustration of the probability mass function is shown in Fig. 5. This function was obtained for the 

following initial data: 035.0 , 012.0 , 1.01 q , 05.02 q , 08.03 q , 2.04 q , 07.05 q , 3.06 q , 

14.07 q , 06.08 q . 

 

 

Fig. 4. The diagnostic program for business processes 

 

Fig. 5. The graphical illustration of the probability mass function 
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Fig. 6 and Fig. 7 show the graphical dependence of the expected value and variance on the probability of the first 

type error for constant values of the probability of the second type error. 

 

 

Fig. 6. The dependence of the expected value on the probability of the first type error for constant values of the probability of the second type error 

 
Fig. 7. The dependence of the variance on the probability of the first type error for constant values of the probability of the second type error 

The analysis of the above graphs allows us to draw logical conclusions that by increasing the probability of the 

first and second type errors, the probability of making the correct decision decreases. 

Let’s analyze the second performance indicator in the form of the costs of an aviation enterprise for diagnostics 

and restoration of the normal functioning of business processes. This indicator is a random variable, so for its most 

complete characterization, it is necessary to determine the probability density function. 

According to our proposed approach, the primary information for the calculation is the graphical view of the 

diagnostic program (Fig. 4), the costs of inspection and recovery operations. We will also assume that in this case, 

errors of the first and second types are possible. In this case, we have 8 business processes, that is, the matrix of 

conditional probabilities of making decisions about the presence of an inconsistency in the studied business process will 

have dimensions 8∙8. As a result of the calculations, we get a matrix of the form 
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Suppose that as a result of the observation, information is available on the conditional probability density function 

of the costs of diagnosis and recovery. In this case, a matrix F  can also be constructed of size 8∙8 for the conditional 

densities. Then, according to equation (4), we have: 

 

 

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i PFqCf .                                                                   (18) 

 

Let’s perform a numerical calculation. Let the costs of control operations is described by a normal distribution law. 

In this case, the average recovery costs for business processes are: 5201 c , 6202 c , 8303 c , 5404 c , 6505 c , 

6506 c , 8307 c , 5308 c . The corresponding standard deviations are: 301 s , 502 s , 1003 s , 304 s , 

605 s , 506 s , 907 s , 308 s . In the case of a wrong decision, additional costs are spent 100c . The 

probabilities of inconsistencies are: 1.01 q , 07.02 q , 2.03 q , 08.04 q , 05.05 q , 3.06 q , 14.07 q , 

06.08 q . 

The results of the calculations in the form of a family of probability density functions in the cases of absence and 

presence of false solutions are shown in Fig. 8. As can be seen, the obtained densities are multimodal in nature, with the 

number of maxima and their position depending on the probabilities of the first and second type errors. 

 

 
Fig. 8. The family of PDFs in the case of erroneous decisions 

A simulation model was developed to verify the reliability of the obtained results. The results of simulation and 

calculations are shown in Fig. 9. As can be seen, a good convergence was obtained, which confirms the correctness of 

the calculations. Fig. 10 and Fig. 11 show the graphical dependencies of the expected value and variance of the costs of 

aviation enterprise for diagnosing and restoring business processes on the probability of the first type error for constant 

values of the probability of the second type error. 
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Fig. 9. Comparison of modeling results with analytical calculations 

 
Fig. 10. The dependence of the expected value of the cost of diagnosis and recovery on the probability of a first-order error 

 
Fig. 11. The dependence of the variance of the cost of diagnosis and recovery on the probability of a first-order error 

To validate the obtained results, we conducted statistical simulation. The simulation results showed coincidence 

with the analytical equations. In particular, to check the correctness of the results presented in Fig. 8 and Fig. 9, the 

Pearson chi-square consistency criterion was used, which with a probability of 0.99 gave a decision that the simulation 

results do not contradict the given analytical formulas. 

5.  Conclusions 

Summarizing the study, it is worth noting that every enterprise that wants to succeed must create its information 

ecosystems and improve business processes according to the new requirements of the external environment. After all, 
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the development of digital technologies gives impetus to the development of the value of data, data flows, and 

predictive analytics, which can change the decision-making process and the view of management as a DDM system.  

There are many offers of various data processing technologies on the market, among which an enterprise should 

choose those that are suitable for it in terms of functionality, cost, and possibilities of implementation in its information 

systems. The author determines the place of data processing technologies in the enterprise management system and the 

algorithm for implementing a data processing system at an enterprise, which once again emphasizes the relevance of the 

study and determines the need for the digital transformation of modern enterprises. 

It is established that the achievement of digital maturity of an enterprise is characterized by the ability to perform 

work on-demand, which in turn enables it to quickly adapt to changing market conditions using modern digital 

technology packages such as BD and DDM. At the same time, this transformation requires managers to acquire new 

knowledge and approaches to management based on digital competencies that go hand in hand with the development of 

digital technologies. All of this will make it possible to track the costs and financial flows of the enterprise, resulting in 

an increase in the circulation of funds, which will ultimately lead to an increase in efficiency indicators of management 

of all structural units of an enterprise. 

The possibilities of applying innovative technologies for data processing are considered to assess the productivity 

of the process of diagnosing and restoring the required level of efficiency of the aviation enterprise business processes. 

A systematic instruction for the implementation of this process is provided. As an indicator of efficiency, we have 

chosen the PDFs for the cost, duration, and probability of making the correct decision during the diagnostic process. 

The choice of the statistical characteristic in the form of the PDF is explained by the completeness of the information 

and the content of all other characteristics in it. 

The process of diagnosing and calculating efficiency was explained using a numerical example for a business 

process model of an aviation enterprise engaged in the provision and execution of technological procedures for aircraft 

operations. The results of the calculations based on the above methodology were verified using statistical simulation. 

Further research will focus on the introduction of innovative technologies for data processing, including the use of 

machine and deep learning tools, cloud computing, and others, to improve decision support systems for enterprises in 

various industries. The main tasks that will be solved by implementing data processing methods will be the following: 

identifying deterioration in the technical condition of equipment operated in the aviation enterprise; optimizing 

maintenance and repair processes; minimizing operating costs; assessing reliability indicators for the equipment; 

increasing the veracity of management decisions; formation of the structure and content of data hubs for collecting, 

storing, processing, and using statistical data on the aviation enterprise activities. 

References 

[1] M. Wibig, “Dynamic programming and genetic algorithm for business processes optimisation,” in International Journal of 

Intelligent Systems and Applications (IJISA), vol. 5, no. 1, 2013, pp.44–51. doi:10.5815/ijisa.2013.01.04. 

[2] V. Vysotska, A. Berko, Y. Burov, D. Uhryn, Z. Hu, and V. Dvorzhak, “Information technology for the data integration in 

intelligent systems of business analytics,” in International Journal of Information Engineering and Electronic Business 

(IJIEEB), vol. 16, no. 4, 2024, pp. 66–92. doi: 10.5815/ijieeb.2024.04.05. 

[3] S. Smerichevskyi, O. Mykhalchenko, Z. Poberezhna, and I. Kryvovyazyuk, “Devising a systematic approach to the 

implementation of innovative technologies to provide the stability of transportation enterprises,” in Eastern-European Journal 

of Enterprise Technologies, vol. 3, no. 13(123), 2023, pp. 6–18. doi: 10.15587/1729-4061.2023.279100. 

[4] W. Tang and S. Yang, “Enterprise digital management efficiency under cloud computing and big data,” in Sustainability, vol. 

15(17), 2023, pp. 1–17. doi: 10.3390/su151713063. 

[5] J. Stark, Product Lifecycle Management. Vol. 1: 21st Century Paradigm for Product Realisation. London: Springer, 2019. doi: 

10.1007/978-3-030-98578-3. 

[6] O. Arefieva, Z. Poberezhna, S. Petrovska, S. Arefiev, and Y. Kopcha, “Devising approaches to modeling enterprise business 

processes under conditions of modern digital technologies,” in Eastern-European Journal of Enterprise Technologies, vol. 1 no. 

13(127), 2024, pp. 69–79. doi: 10.15587/1729-4061.2024.298143. 

[7] A. Aliyev and R. Shahverdiyeva, “Development of a conceptual model of effective management of innovative enterprises based 

on digital twin technologies,” in International Journal of Information Engineering and Electronic Business (IJIEEB), vol. 15, no. 

4, 2023, pp. 34–47. doi: 10.5815/ijieeb.2023.04.04. 

[8] M. Mohamed, “Challenges and benefits of Industry 4.0: an overview,” in International Journal of Supply and Operations 

Management, vol. 5, no. 3, 2018, pp. 256–265. doi: 10.22034/2018.3.7. 

[9] S. Tiwong, M. Woschank, S. Ramingwong, and K.Y. Tippayawong, “Logistics service provider lifecycle model in Industry 4.0: 

A review,” in Applied Sciences, vol. 14, no. 6, 2024. doi: 10.3390/app14062324. 

[10] N. Ahmed, A. K. Saha, M. A. Arabi, S. T. J. Rahman, and D. Nandi, “Two proposed models for securing data management for 

enterprise resource planning systems using blockchain technology,” in International Journal of Information Engineering and 

Electronic Business (IJIEEB), vol. 15, no. 6, 2023, pp. 18–29. doi: 10.5815/ijieeb.2023.06.02. 

[11] O. Arefieva, Z. Poberezhna, S. Piletska, S. Arefiev, and A. Kwilinski, “Motivational management of enterprise innovation 

development in the context of limited resources and environmental influences,” in E3S Web Conference: International 

Conference on Smart Technologies and Applied Research, 2023, vol. 477. doi: 10.1051/e3sconf/202447700012. 

[12] R. M. Da Silva, G. F. Frederico, and J. A. Garza-Reyes, “Logistics service providers and Industry 4.0: A systematic literature 

review,” in Logistics, vol. 7, no. 1, 2023, pp. 1–26. doi: 10.3390/logistics7010011. 

[13] O. Solomentsev, M. Zaliskyi, and O. Zuiev, “Estimation of quality parameters in the radio flight support operational system,” in 

Aviation, vol. 20, issue 3, 2016, pp. 123–128. doi: 10.3846/16487788.2016.1227541. 



Formation of Innovativeness for the Business Processes of Enterprise Using Data Processing 

Volume 17 (2025), Issue 2                                                                                                                                                                       93 

[14] C. S. Chapman and L. A. Kihn, “Information system integration, enabling control and performance,” in Accounting, 

Organizations and Society, vol. 34, no. 2, 2009, pp. 151–169. doi: 10.1016/j.aos.2008.07.003. 

[15] F. Provost and T. Fawecett, “Data science and its relationship to Big Data and data-driven decision making,” in Big Data, vol. 1, 

no. 1, 2013, pp. 51–59. doi: 10.1089/big.2013.1508. 

[16] M. Swan, Blockchain: Blueprint for a New Economy. Sebastopol: O’Reilly Media Inc., 2015, 130 p. 

[17] M. I. Skripnyk and M. M. Matiukha, “Formation and presentation of management information system,” in Economic analysis, 

vol. 20, 2015, pp. 301–305. 

[18] M. Schermann, M. Wiesche, and H. Kremar, “The role of information systems in supporting exploitative and exploratory 

management control activities,” in Journal of Management Accounting Research, vol. 24, no. 1, 2012, pp. 31–59. doi: 

10.2308/jmar-50240. 

[19] Z. Poberezhna, “Formation of a system for optimizing business processes of aviation enterprises based on their automation,” in I. 

Ostroumov and M. Zaliskyi (eds.), Proceedings of the 2nd International Workshop on Advances in Civil Aviation Systems 

Development. ACASD 2024. Lecture Notes in Networks and Systems, vol. 992, 2024, pp. 325–338. doi: 10.1007/978-3-031-

60196-5_24. 

[20] Y. Hyun, D. Lee, U. Chae, J. Ko, and J. Lee, “Improvement of business productivity by applying robotic process automation,” 

in Applied Sciences, vol. 11, no. 22, 2021, pp. 1–17. doi: 10.3390/app112210656. 

[21] G. Miragliotta, A. Sianesi, E. Convertini, and R. Distante, “Data driven management in Industry 4.0: A method to measure Data 

Productivity,” in IFAC-PapersOnLine, vol. 51, issue 11, 2018, pp. 19–24. doi: 10.1016/j.ifacol.2018.08.228. 

[22] M. Ghobakhloo, “The future of manufacturing industry: A strategic roadmap toward Industry 4.0,” in J. Manuf. Technol. 

Manag., vol. 29, 2018, pp. 910–936. doi: 10.1108/JMTM-02-2018-0057. 

[23] J. Andre, Industry 4.0: Paradoxes and Conflicts. New York: Wiley, 2019, 310 p. 

[24] M. Zaliskyi, R. Odarchenko, S. Gnatyuk, Y. Petrova, and A. Chaplits, “Method of traffic monitoring for DDoS attacks detection 

in e-health systems and networks,” in CEUR Workshop Proceedings, vol. 2255, 2018, pp. 193–204. 

[25] O. Solomentsev, et al., “Efficiency analysis of current repair procedures for aviation radio equipment,” in I. Ostroumov and M. 

Zaliskyi (eds.), Proceedings of the 2nd International Workshop on Advances in Civil Aviation Systems Development. ACASD 

2024. Lecture Notes in Networks and Systems, vol. 992, 2024, pp. 281–295. doi: 10.1007/978-3-031-60196-5_21. 

[26] N. S. Kuzmenko and I. V. Ostroumov, “Performance analysis of positioning system by navigational aids in three dimensional 

space,” in IEEE First International Conference on System Analysis & Intelligent Computing (SAIC), Kyiv, Ukraine, 2018, pp. 

1–4. doi: 10.1109/SAIC.2018.8516790. 

[27] M. Modarres and K. Groth, Reliability and Risk Analysis. Boca Raton: CRC Press, 2023, 480 p. 

[28] T. Nakagawa, Maintenance Theory of Reliability. London: Springer-Verlag, 2005. 

[29] A. Anand and M. Ram, System Reliability Management: Solutions and Techniques. Boca Raton: CRC Press, 2021, 276 p. 

[30] P. Zürcher, S. Badr, S. Knueppel, and H. Sugiyama, “Data-driven operation support for equipment deterioration detection in 

drug product manufacturing,” in Y. Yamashita and M. Kano (eds.), Computer Aided Chemical Engineering, vol. 49, 2022, pp. 

1519–1524. doi: 10.1016/B978-0-323-85159-6.50253-0. 

[31] M. d. C. Moura, E. Zio, I. D. Lins, and E. Droguett, “Failure and reliability prediction by support vector machines regression of 

time series data,” in Reliability Engineering & System Safety, vol. 96, no. 11, 2011, pp. 1527–1534. doi: 

10.1016/j.ress.2011.06.006. 

[32] J. Al-Azzeh, A. Mesleh, M. Zaliskyi, R. Odarchenko, and V. Kuzmin, “A method of accuracy increment using segmented 

regression,” in Algorithms, vol. 15, issue 10, 2022. doi: 10.3390/a15100378. 

[33] D. Galar, P. Sandborn, and U. Kumar, Maintenance Costs and Life Cycle Cost Analysis. Boca Raton: CRC Press, 2017, 516 p. 

[34] A. Raza and V. Ulansky, “Through-life maintenance cost of digital avionics,” in Applied Sciences, vol. 11, no. 2, 2021. doi: 

10.3390/app11020715. 

[35] A. K. S. Jardine and A. H. C. Tsang, Maintenance, Replacement, and Reliability: Theory and Applications. Boca Raton: CRC 

Press, 2017, 412 p. 

[36] N. S. Kuzmenko, I. V. Ostroumov, and K. Marais, “An accuracy and availability estimation of aircraft positioning by 

navigational aids,” in 5th International Conference on Methods and Systems of Navigation and Motion Control (MSNMC). 

Kiev, Ukraine, 2018, pp. 36–40. doi: 10.1109/MSNMC.2018.8576276. 

[37] I. Zhukov, B. Dolintse, and S. Balakin, “Enhancing data processing methods to improve UAV positioning accuracy,” in 

International Journal of Image, Graphics and Signal Processing, vol. 16, no. 3, 2024, pp. 100–110. doi: 

10.5815/ijigsp.2024.03.08. 

[38] J. Sahno, E. Shevtshenko, and R. Zahharov, “Framework for continuous improvement of production processes and product 

throughput,” in Procedia Engineering, vol. 100, 2015, pp. 511–519. doi: 10.1016/j.proeng.2015.01.398. 

[39] O. C. Okoro, M. Zaliskyi, S. Dmytriiev, O. Solomentsev, and O. Sribna, “Optimization of maintenance task interval of aircraft 

systems,” in International Journal of Computer Network and Information Security, vol. 14, no. 2, 2022, pp. 77–89. doi: 

10.5815/ijcnis.2022.02.07. 

[40] B. De Jonge and P. A. Scarf, “A review on maintenance optimization,” in European Journal of Operational Research, vol. 285, 

no. 3, 2020, pp. 805–824. doi: 10.1016/j.ejor.2019.09.047. 

[41] V. Ulansky and A. Raza, “A historical survey of corrective and preventive maintenance models with imperfect inspections: 

Cases of constant and non-constant probabilities of decision making,” in Aerospace, vol. 11, no. 1, 2024. doi: 

10.3390/aerospace11010092. 

[42] I. V. Ostroumov, V. P. Kharchenko, and N. S. Kuzmenko, “An airspace analysis according to area navigation requirements,” in 

Aviation, vol. 23, issue 2, 2019, pp. 36–42. doi: 10.3846/aviation.2019.10302. 

[43] R. Pérez-Castillo, F. Ruiz, and M. Piattini, “A decision-making support system for Enterprise Architecture Modelling,” in 

Decision Support Systems, vol. 131, 2020. doi: 10.1016/j.dss.2020.113249. 

[44] Y. Ye, M. Wang, S. Yao, J. N. Jiang, and Q. Liu, “Big data processing framework for manufacturing,” in Procedia CIRP, vol. 

83, 2019, pp. 661–664. doi: 10.1016/j.procir.2019.04.109. 

[45] T. Hafsad, “The new wave of artificial intelligence. Enterprise viewpoint,” 2017. URL: https://enterpriseviewpoint.com/wp-

content/uploads/2017/01/the-new-wave-of-artificial-intelligence-labs-whitepaper.pdf.



Formation of Innovativeness for the Business Processes of Enterprise Using Data Processing 

94                                                                                                                                                                       Volume 17 (2025), Issue 2 

[46] L. L. Chuma, “The role of information systems in business firms competitiveness: integrated review paper from business 

perspective,” in International Research Journal of Nature Science and Technology, vol. 2, issue 4, 2020, pp. 29–42. 

[47] I. Zhukov, B. Dolintse, and S. Balakin, “Improving the accuracy of air navigation systems for unmanned aerial vehicles,” in 

13th International Conference on Dependable Systems, Services and Technologies (DESSERT), Athens, Greece, 2023, pp. 1–7. 

doi: 10.1109/DESSERT61349.2023.10416511. 

[48] K. Xu, Y. Li, C. Liu, X. Hao, J. Gao, and P.G. Maropoulos, “Advanced data collection and analysis in data-driven 

manufacturing process,” in Chinese Journal of Mechanical Engineering, vol. 33, 2020. doi: 10.1186/s10033-020-00459-x. 

[49] I. A. T. Hashem, I. Yaqoob, N. B. Anuar, S. Mokhtar, A. Gani, and S. U. Khan, “The rise of “big data” on cloud computing: 

Review and open research issues,” in Information Systems, vol. 47, 2015, pp. 98–115. doi: 10.1016/j.is.2014.07.006. 

[50] Y. Zengin, S. Naktiyok, E. Kaygın, O. Kavak, and E. Topçuoğlu, “An investigation upon Industry 4.0 and Society 5.0 within the 

context of sustainable development goals,” in Sustainability, vol. 13, issue 5, 2021. doi: 10.3390/su13052682. 

[51] N. Shahid and N. Sheikh, “Impact of Big Data on innovation, competitive advantage, productivity, and decision making: 

Literature review,” in Open Journal of Business and Management, vol. 9, 2021, pp. 586–617. doi: 10.4236/ojbm.2021.92032. 

[52] M. G. Avram, “Advantages and challenges of adopting cloud computing from an enterprise perspective,” in Procedia 

Technology, vol. 12, 2014, pp. 529–534. doi: 10.1016/j.protcy.2013.12.525. 

[53] E. B. Swanson, “How information systems came to rule the world: Reflections on the information systems field,” in The 

Information Society, vol. 36, no. 2, 2020, pp. 109–123. doi: 10.1080/01972243.2019.1709931. 

[54] M. K. Srivastava, A. H. Khan, and N. Srivastava, Statistical Inference: Theory of Estimation. Delhi: PHI, 2014, 808 p. 

[55] K. P. Murphy, Machine Learning: A Probabilistic Perspective. Cambridge: MIT Press, 2013, 1104 p. 

[56] O. Holubnychyi, et al., “Self-organization technique with a norm transformation based filtering for sustainable 

infocommunications within CNS/ATM systems,” in I. Ostroumov and M. Zaliskyi (eds.), Proceedings of the 2nd International 

Workshop on Advances in Civil Aviation Systems Development. ACASD 2024. Lecture Notes in Networks and Systems, vol. 

992, 2024, pp. 262–278. doi: 10.1007/978-3-031-60196-5_20. 

[57] S. Vasishth, and M. Broe, The Foundations of Statistics: A Simulation-based Approach. Berlin: Springer-Verlag, 2011, 178 p. 

doi: 10.1007/978-3-642-16313-5. 

 

 

 

Authors’ Profiles 

 
Zarina Poberezhna, Doctor of Sciences (DSc) 

Date and place of birth: 1985, Kyiv, Ukraine. 

Education: National Aviation University, 2008. 

Affiliation and functions: DSc in economic sciences since 2023, professor of Economics and Business 

Technologies Department at the National Aviation University since 2023. 

Research interests: development of business models of enterprises; increasing the efficiency of air transportation; 

development of a strategy for the functioning of airlines. 

Publications: more than 140 papers. 

 

 

Maksym Zaliskyi, Doctor of Sciences (DSc) 

Date and place of birth: 1984, Kyiv, Ukraine. 

Education: National Aviation University, 2007. 

Affiliation and functions: DSc in technical sciences since 2021, professor of Telecommunications and 

Radioelectronic Systems Department at the National Aviation University since 2021. 

Research interests: signal and data processing, equipment operation and reliability analysis. 

Publications: more than 250 papers. 

 

 

 

Anton Kniaziev, PhD Student 

Date and place of birth: 1994, Lugansk, Ukraine. 

Education: Kharkiv National University of Economics named after S. Kuznets, 2017. 

Affiliation and functions: Master's degree "Marketing" 

Research interests: innovative technologies, business process management. 

Publications: more than 20 papers. 

 

 

 

 

 

 

How to cite this paper: Zarina Poberezhna, Maksym Zaliskyi, Anton Kniaziev, "Formation of Innovativeness for the Business 

Processes of Enterprise Using Data Processing ", International Journal of Information Engineering and Electronic Business(IJIEEB), 

Vol.17, No.2, pp. 79-94, 2025. DOI:10.5815/ijieeb.2025.02.04 

 

 

 


