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Abstract— Scale-free phenomenon has opened up a 

new network model as a special fo rm of degree 

distribution. Preferential connection and growth 

constitutive are generally considered as the tow key 

factors in the formation of scale-free network. However, 

some network model with completely random 

connections instead of preferential connection can also 

generate scale-free networks, such as the protein 

interaction network in a cell. The art icle constructed 

such a random connection way: select an arbitrary 

neighbor vertex of a random vertex to add side. 

Through our simulation shows this model absolutely 

has the characteristics of scale-free networks. And the 

power-law distribution index 1(1 )  of the new model 

is related to m  which is the number of add edges every 

time. When m  is sufficiently large, 1(1 )   tends to 

quickly stable and the final size is 3. Then we use the 

Mean field theory analyzed theoretically, and get an 

analytic solution of degree distribution. Our study 

reveals that random connections without preferential 

strategy can also generate scale-free network. 

 

Index Terms— Scale-Free Network, Random 

Connection, Neighbor 

 

I. Introduction 

Recently, researches concerning complex network is 

uprising. Real systems can be abstracted into networks 

when we consider internal components as vertices and 

the relationships among them as edges. Networks 

exhibit periods of growth, synchronous, coupling, 

analysis emergence and intervention, expressed as 

changes to their structure (i.e . topology) and use (i.e. the 

magnitude of interaction or flow between pairs of nodes) 
[1]

. Therefore, a study on a specific system can be 

simplified into the study of its corresponding network 
[2]

 
[3]

. According to different contents represented by 

vertices and different situations showed by edges in 

different real complex systems, scientists have studied 

many networks, such as biological networks
 [4][5]

, social 

networks
 [6][7]

, informat ion networks 
[8][9][10]

, transport 

networks 
[11][12]

and economic networks 
[13]

, etc. Among 

these studies, complex networks showed two well-

known features which have drawn scholars’ interest - 

the small-world phenomenon and the scale-free power-

law distribution
 [14][15]

. Besides, researches of complex 

networks are also well combined with other disciplines, 

for instance control theory 
[16][17][18][19]

, game theory
 [20]

 
[21]

, behavior science
 [22]

, stock market
 [23]

and so forth. 

All these have indicated that complex network theory is 

an important and useful tool, which can be applied to a 

wide range field. 

As for the format ion of widely existent scale-free 

phenomenon in real networks, preferential connection 

has commonly been considered as a key factor. Taking 

preferential connection as a foothold, many variations 

of the scale-free network model have been proposed 

during the recent past years. For instance, the 

comprehensive multi-local-world model 
[24]

which 

requires no global informat ion while behaves a novel 

topological feature as not being complete random or 

complete scale-free but being somewhere between them;  

the local p referential attachment model
 [25]

which is 

based on the common senses that people can own 

informat ion easily  from its local community than from 

outside environment; the physical position 

neighborhood model 
[10]

which mimics the actual 

communicat ion network and appears a degree 

distribution interpolate the power-law scaling and 

exponential scaling; the Poisson growth model 
[26]

 

which sets up the number of edges added at each step as 

a random variab le corresponds with Po isson distribution 

and can generate many kind networks by controlling the 

random number; the weighted BA scale-free model
 [27]

 

which involves the concept of weight and presents some 

distinguishing features with the original BA model, and 

so on. While the above models consider a scale-free 

network must be growing, some researches  
[28][29]

 

proved that scale-free phenomenon can also exist in 

non-growth evolving networks like friendship networks 

and the brain functional networks in which preferential 

edge-rewiring process continuously occur. However, 

some further studies showed that preferential 

connection can’t be found in some scale-free networks, 

such as the astrophysical network
 [30]

. Some new model 

has been proposed to interpret it, like the one presented 

in
 [30]

 and 
[31]

.  

app:ds:constitutive
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In this paper, we constructed a new scale-free 

network model based on random connection. The model 

abandons the preferential choice of vertices and 

meanwhile it doesn’t require g lobal informat ion during 

the evolving process, but it can still make assurance on 

the emergence of scale-free distribution in networks. 

The paper is organized  as following: the new model is 

detailed in  section 2, a  theoretical analysis based on 

mean field theory and a numerical simulat ion are 

presented in section 3 and section 4 respectively, and 

conclusions are made in the last section 5. 

 

II. Model 

In the classic scale-free network model 
[13]

, a new 

vertex connects sides to old vert ices according to the 

probability 

( )
i

k
p k

k

 , in  which k  is the degree o f 

an old node and ik  is the total degree of the whole 

network. The probability  of p referential connection also 

said the importance of an old node in the network. 

 Since such preferential connection need to be in the 

master g lobal informat ion premise, it’s possibility has 

become scarce in  real life. The more situations are 

under the conditions of only mastered the local 

informat ion, it must be carried out to determine. Even if 

one can master the global information, it will become 

very difficult because of the processing speed and 

computational practice. 

To make our model closer to the actual situation, We 

consider this case: Only obtain the informat ion amount 

of an arbitrary neighbor vertex of a random vertex. As if 

when an individual go to a strange city, his first choose 

is contact his friends at the local, rather than arbitrarily 

ask some strangers for information. 

The specific model construction is divided into the 

following two steps: 

1). Growth: Starting from a network consists of 0m
 

vertices. At every time step we add a new vertex 

with m  edges into the network. 

2). Random attachment: Connecting the new vertex to 
m  vertices already exist in the network. Each 

vertex is chosen as an arbitrary neighbor of an 

arbitrary vertex from the network. 

 

t

j

… … … … … … 

j

i

… … … … … … 

t

 

Fig. 1: An illustration example of the model 

 

A new vertex (label with orange color, denote by t ) 

is added into network at time step t . It will be 

connected with m edges to vertices already in the 

network. For one of these edges, we first randomly 

select one vertex in the network (label with b lue color, 

denote by 
j

), then randomly select one neighbor (label 

with green color, denote by i ) of this vertex, and finally  

create the edge linking the new vertex and the selected 

vertex. 

In accordance with the evolution Process of the 

network model, we make some simulations of the new 

model and the the classic BA model. When the number 

of add edges every time is 5m   and the number of 

network evolution times is 
410n  , the results are 

presented in Fig. 2. According to the results obtained, 

we can see that such a new model can be obtained BA 

scale distribution to express degree distribution. 

Compared with the classic BA model, the power-law 

distribution index of the new model also is 3. From 

another angle, the way you select an arbitrary neighbor 

vertex of a random vertex can completely instead of 

preferential connection. In  other words, this new way 

could performance out certain preferences performance. 

 
Fig. 2: Comparison between new model and classic BA model 

comparison 



12 Random Connection Based Scale -free Networks   

Copyright © 2013 MECS                                          I.J. Information Technology and Computer Science, 2013, 06, 10-15 

III. Mean Field Theory Based Theoretical Analysis  

According to the model, when  we connect a new 

vertex to an existing vertex in  the network, firstly we 

need to select a random vertex in the network, and then 

select a random neighbor of the selected vertex as the 

target vertex to be attached to the new vertex.  

i j

2

3

4

2

k

4

3

…

Ki

1

…

 

Fig. 3: An random vertex 
j

 and its random neighbor vertex i ,with 

their degrees respectively are k  and ik
 

 

As the Fig. 3 shows, we denote the former vertex as 

vertex 
j

 and the later one as vertex i , and their 

degrees just after time step t  in evolution process are 

presented by 
( )jk t

 and 
( )ik t

 respectively. After 

investigating the topological feature of the vertex i  and 

j
 , we make analysis as follows. 

1). the probability of selecting a random vertex 
j

 in 

the network is 0

1

m t
 . Since the degree of vertex 

i  is
( )ik t

, then the probability 1p
 of selecting a 

random vertex 
j

 which is one of neighbors  of 

vertex i  is 
1

0

( )ik t
p

m t



 . 

2). Further on, we need to consider the probability 2p
 

of selecting a random vertex i  from an arb itrary  

neighbor of vertex i . As shown in the model, the 

vertex i  is a random neighbor of the vertex
j

, so 

2

1

( )j

p
k t



. However, 2p
 can’t be determined due 

to the fact that 
( )jk t

 remains unknown for us 

because vertex 
j

 is randomly selected from the 

network. Here, we used the mean value of 2p
 to 

fix the value. We considered the degrees of two 

vertices in the network are independent with each 

other. So we get 

0

2

( ) 1

1
( ( ))

( )
j

m t

j

k t j

p p k t
k t





 
where the 

probability 
( )p k

 is a vertex in the network 

interacts with k  other vertices. 

Taking both the above two scenarios into account, we 

can derive the final probability o f vertex i  to be 

selected as one vertex to  be connected to the new added 

vertex. We denote the probability as 
( ( ))ik t

, and it 

can be represented as 

0

1 2

( ) 10 0

( ) 1
( ( )) ( ( ))

( )
j

m t

i i

i j

k t j

k t k
k t p p p k t A

m t k t m t





   
 


,         (1) 

where  

 
0

1

1
m t

k

A p k
k





 
. 

Appling the mean  field  theory [13], the dynamic 

equations is 

0

( ) ( ) ( )
( ( ))i i i

i

k t k t k t
m k t m A m A

t m t t


   

 
.               (2) 

The viable of m  in (2) is introduced after we take 

into account that each new vertex will have m  edges 

attached to vertices that are already well connected. 

This also gives us the initial conditions for (2) that 

 i ik t m
 where it  denotes the time step when vertex 

i  is added. 

Setting t  to infinity, the value of A  should become 

constant. By integrating (2), with the initial condit ions, 

we can get 

( )

mA

i

i

t
k t m

t

 
  

  .                                                      (3) 

Assuming that we add the vertices at equal time 

intervals to the system, the probability density of i  

is

1
( )p i

t


. 

Thus, according to (3), the network degree 

distribution can be derived as  

1 1

1 1

0

( ( ) ) ( ) 1

( )

mA mA

i i

mA mA

m m t
p k t k p t t

k k m t

    


       (4) 

and 

1
1

( 1)

0

( ( ) ) 1
( )

( )

mA
i mA

p k t k m t
p k k

k m t mA

  
 

 
.          (5) 

Defining 

1

1
( )

k

mA m p k
k






  
,                                         (6) 

we can get the distribution function of the network as  
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 
 

1
1 1m

p k k







 



 .                                             (7) 

Through the results given by the (7), we can conclude 

that this distribution function meets the definition of 

scale-free d istribution, and the distribution exponent of 

this network equals
1( 1)  

. 

If we substitute (7) into (6), we can get the (8). It  

turns out that we can get the exact value o f 


 through 

solving (8). It seems that 


 is irreverent with the 

networks size but related with the parameter m . 

1 12 ( 1) ( 2)

1k

m k 
 


  



 
                                         (8) 

 

IV. Simulation Research 

According to the theoretical analysis in section 3, we 

solved the value of 


 under different m  and conducted 

simulation with four network instances respectively 

plotted the result in Fig. 4 and Fig. 5. 



 



 

Fig. 4: The value of 


 under different m  

 

In the Fig. 4, it shows that the value of 


 increases 

with d ifferent m  accordance with (8). When m  

changes large from 0 to 200,  we get a stable value of 


 quickly. The first figure shows when the correlation 

between 


 and m , the range of m  is set as from 0 to 

200. The second figure narrows m ’s range into from 0 

to 20. 

Then, we conduct simulation with four network 

instances. The four network instances all evolves 

themselves with time span of 
410n  , but they have 

distinguishing value of parameter m . Their final degree 

distributions are recorded in Fig. 5. 

 

 

 

Fig. 5: The degree distribution of four different network instances 
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All instances start from a 0 20m 
 fully-coupled 

network and evolves themselves 
410n   time step. The 

values of parameter m  for these instances are set as 

5 10, 15, 20m  ,    respectively. The blue 

distributions are degree distributions and the red curves 

are theoretical distributions. 

Although it need some time for 


 in  a network to 

reach steady, we can see that the time could be 

momentary because the degree distributions all fit the 

final steady ones inferred from theoretical analysis well. 

On the other side, it seems the degree distribution is 

better fitted with the theoretical one with the increasing 

of m . Th is is obvious, because with larger m , the value 

of 


 will reach a steady state much quicker. A ll in all, 

the simulat ion has proved that our model based on 

random selection indeed can generate scale-free 

networks. 

 

V. Conclusion 

Our study finds out that random attachment in  

network can also generate scale-free network. Through 

analysis and simulat ion experiments, we see that: using 

the way of selecting one arbitrary vertex from an 

arbitrary vertex’s neighbors will make the selected 

vertex be more probable to be a vertex with large 

degree. For example, in the network of friends, your 

friends have always more friends than you 
[32][33]

. It also 

explains this way of selecting vertex has a certain 

preferential features. 

On the other hand, our model does not require one to 

know the global informat ion of a network. It can 

operate with only some local informat ion in a network, 

namely the neighborhood is a particular vertex. This 

feature is more consistent in the real network. In 

particular, we know it is impossible to master the global 

informat ion in the Internet and networks with huge 

scale. So in this way not only improve the 

computational efficiency but also makes the feasibility 

of the network can be improved. 

From Fig. 4, we can see the exponent of the scale-

free d istribution in  our model is located in  1.90~2.61 

when m  ranges from 1 to 200. This has been compliant 

with ones of many real networks 
[28]

. This indicates the 

scheme we mentioned in this paper may p lay a role in 

these networks, and it helps us understand these 

networks. 

In sum, we study the network characteristic of a 

random neighbor of a random vertex in complex 

networks and find that it is similar to the vertex selected 

by preferential connection mechanism in networks. The 

presented results help us better understand the speciality 

of complex networks and design an efficient network 

model to produce scale-free property. We have reason 

to believe that the choice of vertex to generate scale-

free conditions for meaningful research. Network 

characteristics manifested by such way will also have 

the other networks to provide new ideas and methods. 

 

Acknowledgements 

The work is supported by the National Natural 

Science Foundation of China under Grant No. 

60874080, the commonweal application technique 

research project of Zhejiang Province under Grant 

No.2012C23126 and the Open Project o f State Key  Lab 

of Industrial Control Technology of Zhejiang 

University under Grant No. ICT1107. 

 

References 

[1] Matisziw T C, Grubesic T H, Guo Junyu. 

Robustness elasticity in complex networks[J]. Plos 

one,2012,7(7): e39788. doi:10.1371. 

[2]  Zhang X, Zhao Q G. Degree distribution of a new 

model for evolving networks[J]. Pramana-journal 

of physics, 2010,74:469-474. 

[3] Dror Y. Kenett, Tobias Preis, Git it G G, Eshel B J. 

Dependency network and node 

influence:application to the study of financial 

markets[J]. International Journal of Bifurcation 

and Chaos,2012, 22(7):1250181. 

[4] Zhang J J, Ning H Y, Yin Z Y. A novel snowdrift 

game model with edge weighting mechanism on 

the square lattice[J].  Frontiers of 

physics,2012,7:366-372. 

[5] Subelj L, Bajec M. Ubiquitousness of link-density 

and link-pattern communit ies in real-world 

networks[J], Eur. Phys. J.B,2012, 

10.1140/epjb/e2011-20448-7. 

[6] Ercsey Ravasz M, Lichtenwalter RN, Chawla NV, 

Toroczkai Z. Range-limited centrality measures in 

complex networks[J]. Phys. Rev. 

E,2012,85:066103. 

[7] Xu X J, Hu  X M, Zhang Li Jie. Network evolution 

by nonlinear preferential rewiring of edges[J]. 

Physica A,2011,390:2429-2434. 

[8] Luo X J , Yu  H Q , Wang X . Energy-Aware 

topology evolution model with link and node 

deletion in  wireless sensor networks[M]. 

Mathematical problems in 

engineering ,2012,2012:281465. 

[9] Jia T, Jiang B. Building and analyzing the US 

airport network based on en-route location 

information[J]. Physica A, 2012,391:4031-4042. 

[10] Guan Z H, Wu Z P. The physical position 

neighbourhood evolving network model[J]. 

Physica A,2007,387:314-322. 

app:ds:network%20characteristic
app:ds:speciality
http://arxiv.org/ct?url=http%3A%2F%2Fdx.doi.org%2F10%252E1140%2Fepjb%2Fe2011-20448-7&v=df2ac69e
http://apps.webofknowledge.com/full_record.do?product=WOS&search_mode=GeneralSearch&qid=11&SID=W1fP258iC88lAhLodN3&page=1&doc=3&cacheurlFromRightClick=no
http://apps.webofknowledge.com/full_record.do?product=WOS&search_mode=GeneralSearch&qid=11&SID=W1fP258iC88lAhLodN3&page=1&doc=3&cacheurlFromRightClick=no
http://www.hindawi.com/54526981/
http://www.hindawi.com/36525483/
http://www.hindawi.com/89718430/
http://www.sciencedirect.com/science?_ob=RedirectURL&_method=outwardLink&_partnerName=27983&_origin=article&_zone=art_page&_linkType=scopusAuthorDocuments&_targetURL=http%3A%2F%2Fwww.scopus.com%2Fscopus%2Finward%2Fauthor.url%3FpartnerID%3D10%26rel%3D3.0.0%26sortField%3Dcited%26sortOrder%3Dasc%26author%3DJia,%2520Tao%26authorID%3D55170124300%26md5%3D008a609bb317ad1d0d783957728fd9c5&_acct=C000050175&_version=1&_userid=1003047&md5=eeba445cf89cd27fcc63d39fe51f5cb8


 Random Connection Based Scale -free Networks  15 

Copyright © 2013 MECS                                          I.J. Information Technology and Computer Science, 2013, 06, 10-15 

[11] Yang XuHua, Chen G, Sun B, Chen S Y, Wang W 

L. Bus transport network model with ideal n-depth 

clique network topology[J]. Physica 

A,2011,390:4660–4672. 

[12] Yang XuHua, Wang B, Chen S-Y, Wang W-L. 

Epidemic dynamics behavior in  some bus transport 

networks[J]. Physica A,2012,391:917–924. 

[13] Lyocsa S, Vyrost T, Baumoehl E. Stock market 

networks: The dynamic conditional correlation 

approach[J]. Physica A,2012,391:4147-4158. 

[14] Barabasi A L, A lbert R. Emergence of scaling in 

random networks[J]. Science 286 (1999) 509-512.  

[15] Barabasi A L, A lbert R, Jeong H. Mean-field 

theory for scale-free random networks[J]. Physica 

A ,1999,272:173-187. 

[16] Liu Y Y, Slotine J J, Barabasi A L. Controllability 

of complex networks[J]. Nature, 2011,473:167-173. 

[17] Wang W X, Ni X, Lai Y C. Optimizing 

controllability of complex networks by minimum 

structural perturbations[J]. Phys. Rev. 

E,2012,85 :026115. 

[18] Liu  Y Y, Slotine J J, Barabasi A L. Control 

centrality and h ierarch ical structure in  complex 

networks[J].Plos one,2012, 7(9): e44459. 

doi:10.1371. 

[19] Liu Y Y, Csoka Endre, Zhou Haijun, Posfai 

Marton. Core percolation on complex networks[J]. 

Phys. Rev. L, 2012,109: 205703. 

[20] Liu R R, Jia C X, Wang B H. Heritability promotes 

cooperation in spatial public goods games[J]. 

Physica A,2010,389:5719-5724. 

[21] Du W B, Cao X B, Hu M B. The effect of 

asymmetric payoff mechanis m on evolutionary 

networked prisoner's dilemma game[J]. Physica 

A,2009,388:5005-5012. 

[22] Nicolaides, C., Cueto-Felgueroso, L., & Juanes, R. 

(2010). Anomalous physical transport in complex 

networks. Physical Review E, 82(5), 055101. 

[23] Dror Y. Kenett, Michele Tu mminello, Asaf Madi, 

Git it G G,Rosario N. Mantegna, Eshel B-J. 

Dominating Clasp of the Financial Sector 

Revealed by Partial Correlation Analysis of the 

Stock Market[J]. PLoS One, 2010; 5(12): e15032.  

[24] Fan Z P, Chen G R, Zhang Y N. A comprehensive 

multi-local-world model for complex networks[J]. 

Phys. Lett. A, 2009,373:1601–1605. 

[25] Wang L N, Guo J L, Yang H X, Zhou T. Local 

preferential attachment model for hierarchical 

networks[J]. Physica A,2009,388:1713-1720. 

[26] Sheridan P, Yagahara Y, Sh imodaira H. A 

preferential attachment model with Po isson growth 

for scale-free networks[M]. Annals of the institute 

of statistical mathematics ,2008,60:747-761. 

[27] Chen X Y. Weighted BA scale-Free random graph 

model[M]. Materials science and information 

technology ,2012,433-440:2780-2783.  

[28] Xie Y B, Zhou T, Wang B H. Scale-free networks 

without growth[J]. Physica A,2008,387:1683–1688. 

[29] Park K, Lai Y-C. Self-organized scale-free 

networks[J]. Phys. Rev. E,2005,72: 026131. 

[30] Kim B J, Trusina A, Minnhagen P, Kim S. Self-

organized scale-Free networks from merging and 

regeneration[J]. European Physical Journal 

B,2005,43: 369-372. 

[31] Fu C B, Wang X G. Network growth under the 

constraint of synchronization stability[J]. Phys. 

Rev. E,2011,83:066101.  

[32] Newman N E J. Ego-centered networks and the 

ripple effect[J]. Social Networks,2003,25:83–95. 

[33] Feld S L. Why your friends have more friends than 

you do[J]. The American Journal of 

Sociology,1991,96:1464-1477. 

 

Authors’ Profiles  

Shun-Li Lou: A Master’s degree 

student in the college of in formation  

engineering at Zhejiang University  

of Technology, Hangzhou, Zhejiang, 

China. He majored in Control 

Theory and Control Engineering. 

His research interests include: 

network science, neural networks 

applications, power system and control, power 

management, wireless communication networks and 

optical networks. 

 

Xu-Hua Yang: He has received his 

doctor degree on Control Theory 

and Control Engineering at 

Zhejiang University 2004. Now he 

is a professor in the college of 

computer science and technology 

of Zhejiang University of 

Technology.  

His main areas of research interests are network 

science, Intelligent Transportation, artificial control 

system, GIS (geographic information system) and its 

application in traffic research. 

 

 
 

How to cite this paper: Shun-Li Lou, Xu-Hua 

Yang,"Random Connection Based Scale-free Networks", 

International Journal of Information Technology and 

Computer Science(IJITCS), vol.5, no.6, pp.10-15, 2013. DOI: 
10.5815/ijitcs.2013.06.02 

http://apps.webofknowledge.com/full_record.do?product=WOS&search_mode=GeneralSearch&qid=15&SID=V2dAj9OP87gnlFO9opK&page=1&doc=2&cacheurlFromRightClick=no
http://apps.webofknowledge.com/full_record.do?product=WOS&search_mode=GeneralSearch&qid=15&SID=V2dAj9OP87gnlFO9opK&page=1&doc=2&cacheurlFromRightClick=no
http://apps.webofknowledge.com/full_record.do?product=WOS&search_mode=GeneralSearch&qid=2&SID=V2dAj9OP87gnlFO9opK&page=1&doc=6&cacheurlFromRightClick=no
http://apps.webofknowledge.com/full_record.do?product=WOS&search_mode=GeneralSearch&qid=2&SID=V2dAj9OP87gnlFO9opK&page=1&doc=6&cacheurlFromRightClick=no
http://apps.webofknowledge.com/full_record.do?product=WOS&search_mode=GeneralSearch&qid=2&SID=V2dAj9OP87gnlFO9opK&page=1&doc=6&cacheurlFromRightClick=no
http://www.ncbi.nlm.nih.gov/sites/entrez?cmd=search&db=PubMed&term=%20Kenett%20DY%5Bauth%5D
http://www.ncbi.nlm.nih.gov/sites/entrez?cmd=search&db=PubMed&term=%20Tumminello%20M%5Bauth%5D
http://www.ncbi.nlm.nih.gov/sites/entrez?cmd=search&db=PubMed&term=%20Madi%20A%5Bauth%5D
http://www.ncbi.nlm.nih.gov/sites/entrez?cmd=search&db=PubMed&term=%20Gur-Gershgoren%20G%5Bauth%5D
http://www.ncbi.nlm.nih.gov/sites/entrez?cmd=search&db=PubMed&term=%20Mantegna%20RN%5Bauth%5D
http://www.ncbi.nlm.nih.gov/sites/entrez?cmd=search&db=PubMed&term=%20Ben-Jacob%20E%5Bauth%5D
http://www.ncbi.nlm.nih.gov/pubmed/21797435
http://www.ncbi.nlm.nih.gov/pubmed/21797435

